A literature review is a systematic summary and analysis of existing research on a particular topic or research problem. It involves collecting, evaluating, and synthesizing scholarly articles, books, and other sources to understand what is already known, identify gaps, and justify the need for your own research.
1.Probabilistic Machine Learning for Healthcare (2020).
This study reviews the role of probabilistic machine learning models in healthcare, emphasizing how they help handle key challenges in clinical data such as missing values, uncertainty, and calibration. These models don’t just make predictions—they quantify uncertainty, which is crucial in high-stakes medical decision‑making. Beyond prediction, the review explores applications in phenotyping patients, generative modeling for clinical insights, and even reinforcement learning for adaptive treatments. This work laid an early foundation for thinking beyond traditional ML toward more robust, reliable models suited for real‑world healthcare complexity
2. Fair Machine Learning in Healthcare: A Review (2022)
As ML use in healthcare grows rapidly, this review focuses on fairness and equity—a crucial ethical dimension. It categorizes fairness into two classes: equal allocation of resources and equal model performance across diverse patient groups (e.g., by race or socioeconomic status). The authors evaluate bias sources throughout the ML lifecycle and discuss mitigation strategies. They also emphasize that ML systems trained on biased or unrepresentative data can exacerbate h them. 
3. The Use of Machine Learning for Analyzing Real‑World Data in Disease Prediction and Management: Systematic Review (2025)
health disparities instead of reducing 
This systematic review synthesizes 57 studies where machine learning models were applied to large real‑world healthcare datasets (e.g., EHRs, registries, wearables) for prediction and management of disease outcomes. The most commonly used techniques were random forests, logistic regression, and support vector machines, applied across cardiovascular disease, cancer, and neurological disorders. The review highlights promising results in predictive accuracy and clinical decision support but also underscores persistent challenges—data quality issues, interpretability, and model generalizability across diverse populations and settings
